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Figure 2.1 An example of a linguistic variable (Massad et al., 2009)
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Figure 2.2 Sets to illustrate the health classificatory process in the classical approach (Massad et al., 2009)
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Figure 2.3 Sets to illustrate the health classificatory process in the fuzzy approach (Massad et al., 2009)
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Figure 2.4 Poster in use by epidemiologists in the Sao Paulo Hospital of Clinics to describe the breathing
discomfort (Massad et al., 2009)
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Fuzzy rule
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B L oeam If...Then ]
LR e A ]
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fuzzy crisp
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Figure 2.5 The process of fuzzy inference system
(http://wwwT.inra.fr/mia/M/fispro/fisprodocen/ QUICKSTART /img31.png)
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Y iy 5ol AREHIL Atk HAE o]8 FA w40l 712y A EY AAE HE |
golA FEsFE AFdQd AlEe] B Ha gl
T BAo o3t BAue] BF SoA HA el ARE T (Comas 5, 2011; Begum 5, 2011;
Kobashi 5, 2002; Kerre 5, 2013; Ganasala 5, 2015).
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Figure 4.1 Measure membership degrees of multifactor classes using MDR
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Abstract

The relationships, properties, and objects in the data generated from medical diag-
nosis and bioinformatics are fundamentally fuzzy. Fuzzy set theory is an ideal frame-
work to deal with such data. Fuzzy set theory is considered to be an extended set
theory to deal with uncertainty of boundary and classification. In this paper, we illus-
trate how fuzzy approaches based on fuzzy set theory can be applied to data in medical

diagnostics and bioinformatics with various examples.
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